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AR Cloud

Expectations
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Biotech - Cultured
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Peak of
Innovation Inflated Trough of Slope of Plateau of
Trigger Expectations Disillusionment Enlightenment Productivity
Plateau will be reached: Tlme
less than 2 years @ 2to5years 5 to 10 years () morethan 10 years @ obsolete before plateau As of August 2019
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